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Abstract

In this paper, we develop a linearized imaging theory that combines the
spatial, temporal and spectral components of multiply scattered waves as they
scatter from moving objects. In particular, we consider the case of multiple
fixed sensors transmitting and receiving information from multiply scattered
waves. We use a priori information about the multipath background. We use a
simple model for multiple scattering, namely scattering from a fixed, perfectly
reflecting (mirror) plane. We base our image reconstruction and velocity
estimation technique on a modification of a filtered backprojection method that
produces a phase-space image. We plot examples of point-spread functions
for different geometries and waveforms, and from these plots, we estimate the
resolution in space and velocity. Through this analysis, we are able to identify
how the imaging system depends on parameters such as bandwidth and number
of sensors. We ultimately show that enhanced phase-space resolution for a
distribution of moving and stationary targets in a multipath environment may
be achieved using multiple sensors.

(Some figures may appear in colour only in the online journal)

1. Introduction

Traditional wave-based imaging theory makes the assumption that the waves travel directly
from the sensor to the target and back. However, there are many situations in practice where
complicated scenes cause waves to multiply scatter from non-target objects in the scene
of interest. This makes imaging targets of interest more difficult because of the additional
unknowns that are introduced. A number of researchers have considered wave-based imaging
in the presence of multipathing when the scene of interest consists of stationary targets
illuminated by waves transmitted from moving platforms. The studies [9] and [4] showed that
a backprojection algorithm that exploits multiply scattered fields can improve image fidelity
if it is possible to uniquely identify the part of the data corresponding to each scattering
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wave path. In particular, this work showed that targets oriented in certain directions can be
effectively invisible from direct scattering but may become visible when multipath scattering
is used in the image formation process. The studies [2] and [5] showed that, compared to
standard backprojection, a backprojection algorithm that exploits multiply scattered fields can
improve image resolution even if a method for a priori separating paths in the data is not
feasible. This paper derives a data model, based on [1], that includes the effect of multiply
scattered waves on moving targets and then develops a corresponding phase-space imaging
method that accounts for multiple scattering in the data. We consider the case in which multiple
sensors interrogate a distribution of moving targets that are restricted to a horizontal plane.
We model multiple scattering with a perfectly reflecting (mirror) horizontal plane.

This geometry might arise in a variety of physical problems, including ultrasound,
microwave tomography, seismic prospecting, and radar and sonar imaging. The perfect
reflecting mirror is a simple model for the ocean surface, for example, that must be
considered in marine seismic surveys, active sonar surveys and radar imaging in marine
environments. Alternatively, the mirror could represent a reflecting surface in ultrasound,
microwave tomography or radar imaging. In the discussion below, we use radar terminology,
but the theory applies equally well to other modalities.

The mathematical model is discussed in section 2. Imaging is addressed in section 3, which
outlines the backprojection-type algorithm for forming phase-space images, and then proceeds
to analyze the corresponding point-spread function (PSF). Section 4 outlines simulations. Many
of the details can be found in [6] and short summaries can be found in [7] and [8].

2. Mathematical data model

A radar receiver collects information from an electromagnetic wave that was sent from a
transmitting antenna and that subsequently scattered off a set of (stationary or) moving targets
in a scene. In this work, we assume that the scattered waves arrive at the radar receiver via
multiple paths.

We assume that the electromagnetic field propagates in the lower half-space 2 =
{1, x0, x3) |x1,x2 € R,x3 < zp}. The perfectly reflecting mirror is located at 02 =
{(x1,x0, x3) |x1, 22 € R,x3 = zp}. We denote the reflection of Q2 with respect to 92
by Q*.

Both €2 and 2* consist of ahomogeneous, isotropic medium in which the wave propagation
speed is ¢. The geometry is shown in figure 1.

We make the assumption that one component i of the electromagnetic field satisfies

(V2= c207 =V (6. %) 0}) ¥ (. %, ) = s(t —1,, %, y), (1)
with the boundary condition
Y (t, X, ¥)|zeoq = 0. 2

In order to define V (¢, X), consider first an object located at position ¥ that moves with
velocity v. This object would be described by an index-of-refraction distribution with a
parameter v:

Vo(t, %) = ¢ [my(F —vr) — 1]. 3)

Multiple objects translating with the same velocity v can also be described in the form (3);
for example, multiple cars moving along a highway at the same constant velocity v could be
described by (3) in which n, consists of multiple bumps, each bump representing one car. For
objects translating with velocity v, we write g, (¥) = ¢*[n2(¥) — 1].
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Figure 1. This shows the geometry with one transmitter at y and one receiver at z. The mirror is
located at height z(.

Objects moving with a different velocity can be described by an expression of the form (3)
in which the velocity v is different. To describe two-way traffic along a highway, for example,
V might be of the form

V(t, %) =c?[myF—vt) — 1]+ 2 [n,(F+vt) — 1], 4)

where n, describes the cars moving in one direction and n_, describes the cars moving with
the same speed in the opposite direction.

If there are many objects moving with different velocities, then we can describe the
distribution of multiple moving objects as

V(t, %) = /f%;ﬁ(f — vt)dv. (5)

We see that ¢, (x) can be considered a scattering density in phase space.

2.1. Incident field

The incident field ¥™ is the field, propagating in the empty reflecting environment, that
emanates from a transmitting antenna located at position y. The field ¢'" satisfies

(V2 =29y = 8(X — y)s(t — 1) (©6)

Y™ (1, %, y) lse = 0. (7
An expression for the incident field ¥ can be derived by using the method of
images. Corresponding to the source location y € €2, we define the virtual source at

Y = (1,52, 220 — y3).
First, the outgoing Green’s function satisfying

(V2= c7297)g(t, %, y) = 8(% = y)3(1) ®)
8lan =0 )
is
8, X, y) = g(t, X, y) — gy (1, X,y), (10)
where g, is the free-space Green’s function with a source at y:
oy D=
gy(f,x,.)’)=m (11
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and similarly gy is the free-space Green’s function with a virtual source at y’. Note that g
vanishes at the boundary 9€2.
This means that the solution to (6) with (7) is

Y Ey) = - /g(t =T, %)8(x —y)s(T —1,)dydT

=s(z‘—ty—@) _s(l_ty_‘gc;-yl) (12)
4mlx —y| Am|E -yl

2.2. Scattered field
We split the field into the incident field ¥ and the scattered field v*¢:
v =yt (13)

We subtract (6) from (1) and use (13) to arrive at the partial differential equation for the
scattered field:

(V2= c20) ¥t z,y) =V (t, ) Y™ (¢, 2, y)
¥*laq = 0. (14)

We use the Born or single-scattering approximation [1], replacing {* on the right side
of (14) by ™™, The corresponding solution of (14), measured at the receiver y, constitutes the
data d. With the Green function (10), we obtain

St — ¢ — = 5(;—;/— —‘5'*’?')

_ (t ! c )_ N Io=Na2ing, = /g

d(t,y,z) = — e a— V', x)o " (', x,y)dt' dx
4|z — x| 4|z — x|

8 (t —t - ‘Ef') 5 (t’ —t —‘ﬁ”)
—/ /qv (¥ — o) dv _ dr’' dx
4|z — x| 4)|x —y'|
8(1—#—“"(‘_’;') sy(t — 1, @)
_ / - /q,, (x — vt/) dv —— dt’ dx
4|z — x| 4|x —y|
8 (t —t - ‘2':£'> i 5, (t’ — 1, — —"E;y") i
+/W/C[U (x—vt’) dv 4n|§—y/| dr’ dx. (15)

Equation (15) yields a model for the scattered wavefield. Each term of (15) has a clear
physical interpretation. The first term (line 2) corresponds to activating the transmitter at y
with a waveform s, starting at time ¢,. This activation results in a wave leaving the transmitter
and propagating directly to the target, arriving at time ¢’. The moving target that at time ¢’ is
located at X was, at time ¢ = 0, located at ¥ — vt’. The current density induced on the target
by the incident field is assumed to be proportional to the second derivative of the transmitted
signal; this is a result of the Born approximation. After interaction with the target, the wave
then propagates directly from ¥ to z.

The second term of (15) (line 3) corresponds again to activating the transmitter at y with
the waveform s,. This time, however, the wave reflects from the mirror on its way to the target;
by the method of images, the field that arrives is the negative of the same wave traveling in

4
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free space but transmitted from the virtual location y’. This field interacts with the target and
propagates to the receiver as before.

The third term of (15) (line 4) corresponds to direct-path propagation between the
transmitter and the target, and a reflection from the mirror on the way to the receiver;
by the method of images, the received wave is the negative of the wave propagating in
free space that would have been received at the virtual receiver location z'. The fourth term
corresponds to mirror reflections between the target and both the transmitter and receiver.

We interchange the order of integration and perform a change of variables x = X — v¢’:

d( ) / $ (f —¢ = \x-‘rucf’—z\) ) SV (t/ _ ty _ |x+v£’—y|) ) /dxcl
t,y, = X t v
rz 4 |x + vt — 7| ¢ ( 4 |x + vt’ —y|
S (l‘ - \x+th’—z|) Sy (l‘/ _ ty _ \x+v£’—y’|> /
—/ gy (%) dt’ dxdv
4 |x + vt — 7| 47 |x + vt’ — y'|
S (l‘ - \x+v2’fz/|) S) (l‘/ _ ty _ \x+vct’—y|> /
—/ gy (x) dr’ dxdv
dr|x + vt — 7| 41 |x + vt’ —y|
+ / p(i-r ) 5 (v —n - =) d'dedv. (16)
X t v.
4rr|x + vt' — 2| v (¥) 4|x 4+ vt —y/| (

Finally, we carry out the ¢’ integration in (16) by using properties of delta functions with more
complicated arguments as in [6]. In particular, in the first term of (15) (line 2), for example,
we find that the delta function contributes only to ¢’ satisfying

B |x + vt’ —z]
c ’
This time we denote ¢’ by f,,. We also introduce the notation Ry ,(fy;) = |x + vty, — z| and
w=1fr (f_xz(f)) | for f (l/) =—1 =Ry ()/c.
This leads to the general data set for a single source y,
§ () — 1, — =D ()
d(t, z,y) = / I =
(A7) Ry (txz (t)) Ryy (txz (t))_ Moz, ()
o= R,y Xz
[ M@ — o= D,
(477)2 Rz (t_xz(t)) Ry (tsz (t)) Mxz,v (1)
I O R P
(477)2 Ry (t_xz’ (t)) Ryy ([-_xz’ (t)) Moz v (F)
- Ry (fw
Sy[txz’ @) — ty — M](h (x)
(470)? Rz (fxr (1)) Ry (T (1)) phar o (1)

0=t—-1¢ (17)

(18)

2.3. Slow-moving approximation

We consider only objects that move significantly slower than the speed of light. Consequently,
we assume that the distance traveled by the objects during the relevant time is much smaller
than the distances between the targets and the transmitters and receivers. Specifically, we
assume

olt, (0P omn/c < [x =zl lx =2, lx =yl [x =y, (19)

where wp is the effective maximum angular frequency of the signal s,.
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This means that a first-order Taylor approximation may be made such that

XZ

2
Ry (t) = lz— x4+ vt| =R, (0) —i—ﬁxz ©)-vt+0 <|11€)| ) , (20)

where, R (0) = x — z, Ry. (0) = |Ry; (0) |, and Ry (0) = Rn“)).
The techniques of [3] can be used to derive a time dilation or a Doppler scale factor

1 _ xy(o)'v

Axvyz = _— 210
1+ sz(;))'v

that is closely related to the Doppler shift. We can further approximate this factor as

Gray: = 1 — (Ryy(0) + Ry (0)) - —. (22)
C

We immediately see that the Doppler scale factor o, depends on the bisector (IAIxy ) +

Rez(0)).
With the approximations (20) and notation (21), the data expression (18) for the slow-
mover case becomes

lorny: - (1 = B2 = 220 ), (o)
ds(z,y,1) = / 5
(47)" Ry (0) Ryy (0) faz,o
ey - (1 = 10) = B2 —1)g, (0
- / 5 dxdv
(47)" Ry (0) ny 0) Moxz,v
| yllonye - (1 = 520) = 220 —)g, (@)
(470)* Rezr (0) Ryy (0) phoz v
/ ylotyz - (1= 222) = 229y 1g, @)
+
(47)* Riz (0) Ryy (0) iz
In order to more succinctly describe the data model, we write

R\y = RxlO, ny’ = Rx20, sz = RxOlv sz’ = Rx02~ (24)

dxdv

dxdv

dxdv. (23)

In other words, we use the subscripts x jk and v jk as placeholders for the dependence on the
object, receiver or transmitter location. A zero is added in the respective placeholder if there
is no dependence on a transmitter and/or receiver. Moreover, we use j, k = 1 for the actual
sensors and j, k = 2 for the virtual sensors. We also write a, - as o2, €tc.

With this notation, we rewrite equation (23):

2
di(z,y, 1) = / > rlgy (x) dxdo, (25)

Jk=1

where
(— 1)I+ §lot jx (l‘ _ L(O)) _ Rp© — 1]

c

T =
(47)% Ror (0) Ry jo (0) ok, v

(26)

2.4. Narrowband waveform

Most radars use narrowband waveforms, which may be written as s(t) = a(t) e o', where
a(t) is slowly varying and wyjo is the carrier frequency for the transmitter y. (Note that in

6



Inverse Problems 29 (2013) 054012 A Miranda and M Cheney

keeping with the notation defined above, the zeros indicate that there is no object or receiver
dependence.)

2 —iwnoloe o [t — R\Ok(o)) _ Rp© _ )
dy(z.y.1) = Y f (w0j0>2 (—1)/t* eXp( lw(’f"[a”’k( ¢ ¢ ]
. k=1 4m Ryox (0) Ryjo (0) fxok,v

xa (r gy - R0 © JCFR”O (0)> gv (x) dxdv. @7

where we use the approximation o, = 1 in the slowly varying amplitude a. Substituting
the time-independent exponential phase terms into the function ¢, = @[RX_,-O ) +
ay iRk (0) + cty], we rewrite (27) as

elPwjk @100y Jjkt

2
@00\ ek
dv(z,y,t) = — ) (=1
v J;/ (&) V" @ R @ e

xa (t —t— R ©) :ijo (0)) Gy (x) dxdv

2
=Y /*dfe o). (28)

Jik=1

3. Image reconstruction

In this section, we first describe how we form an image. Then we describe how we analyze the
reconstructed image. We test our analysis by performing numerical experiments. We conclude
with a summary of our results.

3.1. Image formation

The approach we take to form an image of our simulated data involves applying a matched
filter or filtered adjoint to the data. From the data d(z, z, y), we form an image [ (p, u) of the
objects with hypothesized velocity u, that, at time ¢ = 0, are located at position p.

Consider, for example, the case where the transmitters and receivers illuminate only one
path, say the direct path. In this case, the data are simply

dy (t,2,3) = [P qu(0)1(t,2,y) = / Ty (x, v, 1,2, )qy (x) dx dv, (29)

where we have applied (19), (20) and the narrowband approximation to (26) to obtain
Yy (x, 0,2,z )

wy \ 2 iz g —iwyty:t R.(0)—R, (O
*) n(t_ry——'() 'y()). (30)

Tll s Uy t7 ) - (_
Vet EN =) ROk O c
In order to form an image /(p, u) at position p and velocity u, we apply the adjoint
operator to di! (¢, z, y):
I(p.u) =P'"dy
= Z/T},“‘(p, ut,z,y)dy (¢, z,y) dt
2y
= / Z T]:,'*(p, u,t,z, y)TI:,] (x,v,t,z,y)dtq,(x)dxdv

z,y

=/IC,{,1 (p, x, u, v)qy,(x)dxdv, (31
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where the kernel

i (p, x, u,v) = / S NPtz )TN (v, 2, y) de (32)
z,y

is the PSF for the imaging system. We note that the PSF and the corresponding image are
in general complex-valued. The Cauchy—Schwartz inequality implies that the integral kernel
(32) is maximized when (p, u) = (x, v). In particular, each term is bounded in magnitude by

'/ Yo (pout, . )TN (0,0t .. de

where [|Y(...)]. = (f IY(...t,...)[>d)"/2, and equality is attained in (33) when
Yo' (p.u,t,z,y) = Tl (x, v,,2,). This occurs when (p, u) = (x, v).

If we can identify the parts of the data that correspond to the different paths, then we
can form separate images for each path and coherently (or noncoherently) add the resulting
images:

<IN (o uy . )Ll G v, ) s (33)

I(p.u) =" Pd". (34)
ihJ

If it is not possible to distinguish paths, then the data are of the form d = Z,m d™, we apply
the adjoint operator Py = 3~ Py to form an image:

I(p,uw) = Pydy(y,z,1)
/VZ T5(p,u,t,2,9) Ty (x, v,1,2,y) dig, (x) dx do, (35)
zy
where the subscript N denotes the narrowband slowly moving case. The image that is formed
gives us an approximation to the true reflectivity function ¢, (x), added to copies of g, in the
wrong location.

3.2. Image analysis

In order to analyze the image in the case when data from the different paths cannot be separated,
we need to investigate the relationship between the image and the true reflectivity ¢, (x) .
To do this, we use (28) in (35). The result is
2
Ipow) =) (DK (p. i x, v)gy (x) drdo, (36)
k=1

where the sum of all K, K,k terms is the PSF for this imaging system. Each K 1{/‘ is given by

> Rpok (0) + Rpjo (0))>

K,{}k(p, X,u,v) =— / @ jo% ik (f -y -
(Ry0k(0) + Rj0(0))

Xdajk (t )

c
X e*iﬁﬂp/k eiwoiﬂaﬁﬂi ei(ﬂx/ke*iwnjoa,\_;k Rp()k (O)RPjOMPOk’" df (37)
Rox ()R jo 0k, u
Equation (37) can be further simplified by noting
W
DOxvjk — Ppujk = %[RMO(O) - avijXOk(O) + Cty - (Rij(O) - auijpOk(O) + Cty)]
oS
= 2 [Ryjo(0) — Ryjo(0) — oty xRu0k (0) + i iR (0)]
w§j0
= Tj[ijo(O) —R,j0(0) — (1 + Bujt)Rxox (0) + (1 + Buji)Rpor (0)]
oS
= ﬂ[C‘Afxpjk — BujiRxok (0) + BujxR pox (0)1, (38)
c
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where
Ryjo(0) — Rpjo(0) — Ry (0) 4 Rpor (0)
c

A‘L’ijk = (39)

With this notation, we can write (37) as

| : R.j0(0)
K[{]k(p, u;x,v) = \/w(%j()Ajk(wOjO[,Bpjk_ﬂxjk]v AT,k )EXp (1600j0[,3pjk—,3xjk] |: j(; — fy:|>

—iwo joBpjk Rp0i (0)R 0 (0) 1 pok, u
xexp | ——————[R,;o(0) — R,; (0)]) dr, (40)
P < c ” Pi0 R o (0)R o (0) exok,u
where a,,. ~ 1 + B,,. (see equation (22)) and
A@, 1) = e*iW/a*(z — T)a(t) e dr (41)

is the well-known narrowband ambiguity function [10].

We recall that the ambiguity function characterizes the ability of a given waveform to
provide range and (down-range) velocity information. Thus, formulas (36) and (40) provide
a way to examine the performance of a system for imaging moving targets in terms of the
sensor locations and the waveforms they transmit. These formulas thus provide a theoretical
basis for the allocation of radar resources.

4. Numerical examples

In this section, we provide some numerical examples that show how the number of sensors
affects the image reconstruction of a stationary and a moving target. We analyze the resolution
of the data by plotting a PSF, which is equivalent to an image of a single point-like target. All
simulations used the following parameters.

(i) Target. The target is a single point-like scatterer located in the horizontal plane. For the
stationary target images, the true target is located at x = (25 m, 25 m) in a scene in which
the x axis runs from O to 50 m and the y axis runs from 0 to 50 m. For the moving target
images, the target is located at (35 m, 35 m) in a scene where both x and y axes run from
0to 70 m.

(i) Waveform. Each sensor transmitted a known stepped-frequency waveform with 218 pulses
stepping through the frequencies of 30—40 GHz uniformly. Alternatively, this can be
thought of as a signal with a 35 GHz center frequency and a 10 GHz bandwidth.

(iii) Sensor geometry. The sensors lie around the scene of interest. See figure 2 for the exact
placement. Note: the velocity plots use only the nine transmitters and one receiver set-up.

(iv) Reflector. The reflector was a perfectly reflecting mirror situated 100 m above the scene
of interest. The location of the reflector is assumed to be known.

In all cases, the images are spatial images. The units on both the horizontal and vertical
axes are in meters.

Figures 3 and 4 show reconstructions of a stationary target; figure 3 shows the case in
which we are able to identify the part of the received signal coming from different transmitters,
whereas figure 4 shows the case in which we do not have this information. All the images in
figures 3 and 4 show the spatial image at velocity (0, 0).

We note that since figure 3 is reconstructed using prior information about the location
of the reflecting mirror, and consequently the wave path is known, there are no multipath
ambiguities because the algorithm matches the correct time delay with the correct path.

As we increase the number of sensors, the resolution improves: the red region
corresponding to the target is thinner than the backprojection ellipses. Since each image

9
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Figure 2. Geometry of the sensor placement. Top image: three transmitters and one receiver.
Bottom image: nine transmitters and one receiver.

cell represents 2 m of physical distance, we estimate the resolution for the stationary point
target in this example to be about 2 m.

In figure 4, on the other hand, the image is reconstructed without the knowledge of the
paths traveled by different parts of the received signal. As the figure shows, multipath artifacts
now appear. We note that there is a relationship between the configuration of the sensor
positions and the artifacts. Adding more sensors diminishes the artifacts.

In figure 5, the target was moving with velocity (3, 3) x 10 ms~!. Figure 5 shows spatial
images at two different velocity hypotheses, the velocity (1, 3) x 10 ms~! (top) and the correct
velocity (bottom). The numerical examples presented in this paper are only a representative
subset of velocity images. The reader is referred to [6] for a larger set of velocity images. We

10
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Figure 3. Stationary object PSF—perfect reflector, known paths. Top image: three transmitters
and one receiver. Bottom image: nine transmitters and one receiver. The vertical scale (image
amplitude) is the same for both plots.

can determine the correct velocity by choosing the image with the best target focus. In this
way, we may use our modified backprojection method to estimate the velocity of a moving
target. In figure 5, we show that if we use a priori information about the geolocation of a
target, then we may estimate that target’s velocity by examining the four-dimensional PSF.
As we see in figure 5, the target is geolocated with the best resolution at the correct velocity
(3,3) x 10 ms~!. At the incorrect velocity, the true target disappears and artifacts appear at
the wrong locations.

From our velocity sampling, we estimate the resolution in velocity to be about
10 m s, and the image shows the spatial resolution to be about 3 m. In this case, the
waveform we used provided better spatial resolution than velocity resolution. A waveform
with better Doppler resolution would provide better velocity resolution but presumably poorer
spatial resolution. There is currently no theory that will explicitly quantify the relationship
between the waveform, the sensor locations and the phase-space resolution. This is left as an
open problem.
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Figure 4. Stationary object PSF—perfect reflector, unknown paths. Top: three transmitters and one
receiver. Bottom: nine transmitters and one receiver.
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Figure 5. Spatial images of a moving object for different velocity hypotheses. This image is
zoomed to show the spatial range [20 m, 60 m] x [20 m, 60 m]. Top: velocity (1, 3) x 10 m s~!
(incorrect). Bottom: velocity (3,3) x 10 ms~! (correct).
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5. Conclusions

In this paper, we develop a method for forming a phase-space image of multiple moving
objects in a known multipath environment from scattering data received at multiple sensors
from multiple transmitters that could be transmitting different waveforms. The image is formed
via a modified backprojection algorithm. In particular, the approach we take to arrive at the
image formation algorithm involves developing a physics-based data model for the information
we expect to receive at the receiving sensor and subsequently applying an adjoint to the data
model in order to form the image. The resultant phase-space image is, in general, a six-
dimensional image; in the case when objects and their motion are restricted to a plane, the
phase-space image is four dimensional.

We characterize the performance of the imaging system by its PSF, for which we obtain an
explicit formula. Numerical exploration of the PSF provides information about the degree to
which the phase-space image contains information about position and velocity. In particular,
from plots of the PSF, we are able to estimate the four- or six-dimensional resolution for the
image and ascertain that multiple sensors do indeed improve the image resolution.

These results show that the modified backprojection algorithm developed in this paper is
able to recover position and velocity information from moving-object scattering data collected
in a known multiple-scattering environment. We also find that the PSF provides an insight
into system design specifications, such as how many sensors are needed and what waveforms
should be transmitted in order to produce a certain resolution image.

Much remains to be done. Our approach has assumed a simple, known multipath
environment, perfect clock synchronization for coherent imaging and, in many cases, transmit
waveforms that can be distinguished from one another by the receivers. We have also
used a simple point-like target scattering model. Other imaging approaches, such as those
incorporating sparsity and micro-Doppler techniques, remain to be explored.

Acknowledgments

AM was supported by the Air Force Research Laboratory under RF Integrated Systems In-
House Research Contract Number JON 76221104. AM was also supported in part by a grant of
computer time from the DOD High Performance Computing Modernization Program at ARL
DSRC and AFRL. AM is grateful to the Air Office of Scientific Research for its continued
support. MC thanks the Air Force Office of Scientific Research for support under AFOSR
Contract FA9550-09-1-0013.*

References

[1] Borden B and Cheney M 2009 Fundamentals of Radar Imaging (Philadelphia, PA: STAM)

[2] Cheney M and Bonneau R J 2004 Imaging that exploits multipath scattering from point scatterers Inverse
Problems 20 1691-711

[3] Cheney M and Borden B B 2008 Imaging moving targets from scattered waves Inverse Problems 24 035005

[4] Gaburro R and Nolan C 2008 Microlocal analysis of synthetic aperture radar imaging in the presence of a
vertical wall J. Phys.: Conf. Ser. 124 012025

[5] Krishnan V and Yazici B 2011 Synthetic aperture radar imaging exploiting multiple scattering Inverse
Problems 27 055004

4 Consequently, the US Government is authorized to reproduce and distribute reprints for governmental purposes
notwithstanding any copyright notation thereon. The views and conclusions contained herein are those of the authors
and should not be interpreted as necessarily representing the official policies or endorsements, either expressed or
implied, of the Air Force Research Laboratory or the US Government.



Inverse Problems 29 (2013) 054012 A Miranda and M Cheney

[6] Miranda A 2010 Imaging moving targets in a multipath environment with multiple sensors Dissertation
Rensselaer Polytechnic Institute, USA

[7]1 Miranda A and Cheney M 2011 Imaging moving targets in a multi-path environment using multiple sensors Int.
Conf. on Electromagnetics in Advanced Applications (ICEAA) pp 227-30

[8] Miranda A and Cheney M 2012 Imaging with waves bounced from a dispersive reflector 2012 IEEE Radar
Conf. (RADAR) pp 0156-60

[9] Nolan CJ, Cheney M, Dowling T and Gaburro R 2006 Enhanced angular resolution from multiply scattered
waves Inverse Problems 22 1817-34

[10] Rihaczek A W 1969 Principles of High Resolution Radar (New York: McGraw-Hill)

14



	1. Introduction
	2. Mathematical data model
	2.1. Incident field
	2.2. Scattered field
	2.3. Slow-moving approximation
	2.4. Narrowband waveform

	3. Image reconstruction
	3.1. Image formation
	3.2. Image analysis

	4. Numerical examples
	5. Conclusions
	Acknowledgments
	References

